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Moneyball

“People in both fields operate with beliefs and biases. To the 

extent you can eliminate both and replace them with data, you 

gain a clear advantage.” 

― Michael Lewis, Moneyball: The Art of Winning an Unfair Game

Interpretation: Instead of relying on generational biases, let the 

data tell the story.



Case Study: San Francisco Giants

Problem: Since 2016, the Giants have seen a significant decline in 
the team’s performance. With only two players left from their 2014 
championships, the team has struggled to improve their roster.

Goal: We built a model based on performance statistics, as well as 
outside variables, that would project a player’s salary. Given their 
budget for acquiring new players, the Giants can use the model to 
maximize the stats of the players they can afford.



Data Collection
Source #1: FanGraphs Baseball

- A website that provides statistics for every player in MLB history
- We collected data from the past decade (2009 - 2019)

Source #2: USA Today’s baseball salaries database

- Contains year-to-year listings of salaries for MLB players

Merging the two resulted in a data frame that lists one player’s 
performance statistics over a course of a year, as well as their salary.



Descriptive Visualization



Correlations
Blue = Positive Correlation

- When one qty. increases, the

other increases as well

Red = Negative Correlation

- When one qty. increases, the

other decreases

Stronger color = stronger correlation



Simple Linear Regression



Simple Linear Regression
● Age vs. Salary

● P-value < 0.05; significant

● Adjusted R2 = 0.3778

● Negative intercept -- 

prediction weakens 

outside age range



Multiple Linear Regression
● All p-values < 0.05; significant

● Adjusted R2 = 0.5114

● Compare to SLR - extra 

variables directly contribute to 

better fit



Model Comparison



Recommendation

● SF Giants should use our model (given their allocated budget) to find 

the best players they can afford

● Keep for future use -- can account for changes in budget

○ Future data increases model strength


